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) Rulebase Example
IF "yes" is equal to uniform_layer_flow

THETA is greater than 45.0
THETA is less than or equal to 90.0
C4 is greater than (Lm/(0.8*(Hs-H0)))
C6 is greater than (Lb/(0.8*(Hs-HO0)))
C9 s less than or equal to (Lt/(0.8A(Hs-HO)))

Then flow_type_ok is confirmed
"V2" is asssigned to flow_type
"No" is assigned to wake_attachment
Find coanda_attachment_value

B) Rule Tree Example
4+— Deductive Logic/Backward Chaining

— > Inductive Logic/Forward Chaining

Conclusion A1
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How Dog Training Works

1. Before Conditioning

&2

Feod

Response

Salivation

Unconditioned
Stimulus

Unconditioned
Response

3. During Conditioning

+
| -

Food

Response E
po Salivation

Unconditioned
Response

2.Before Conditioning

£t

Bell

—
Response
Neutral Stimulus

4, After Conditioning

&

Bell

Conditioned
Stimulus

Rospons(‘ ’

No Salivation

No Conditioned
Response

Salivation
Conditioned
Response

HowStuff\Works




¥ B ERERI R
MAEALERENERZILNEME
BHR¥SIMA, MABRM AL
IRES

F¥3), TEHE

FIFZEBICICHIA, MESLH
5ehEiR,

Education is not
the learning of
facts, but the
training of the
mind to think.
~Albert Einstein
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Machine Learning
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Deep Convolutional Network (DCN Deconvolutional Network (DN Deep Convolutional Inverse Graphics Network (DCIGN
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Generative Adversarial Network (GAN) Liquid State Machine (LSM) Extreme Learning Machine (ELM) Echo State Network (ESN)
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Computer Go Al — An Implementation Idea?

d = maxD

Process the simulation until the game ends,
then report win / lose results

e.g. it wins 13 times if the next stone gets placed here

37,839 times

431,320 times
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The times when we could completely count &
on others, they are over to a certain extent. ”‘]




fI5: BiF{FiE

A little girl sitting on a bed with A group of people sitting on a boat
a teddy bear. in the water.
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No Free Lunch '(

D. H. Wolpert. Th hearems. In Soft Computing

Our model is a simplification of reality

Simplification is based on assumptions (model bias)
= > ’_\ Assumptions fail in certain situations
L T 4 Roughly speaking:
S EEH

“No one model works best for all possible situations.”
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